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The application of machine learning to detect rust on

steel structures in warehouse buildings.

a 4 v

A3 ATUAL" NaUs ASUNIU? uazdAined nAadL>

9 9

Y2aapiv3mangsules, AalEIrINTSUmIanS, UNTINEIAEVOUUAY, YOULAY

*madvriminssulesy, AaeImInssUmans, unIneIaen ANy usenideuvile, veuuny

*Corresponding author; E-mail address: korbsri@kku.ac.th

UNANED
Yayduenamnssurudsdusiaiudesnislenulnasluuday

ddglunsaziliosneludszmelne Wowhenadidudi uay

q

a a

ANNABINITAUAIYBINGUETTUIN1 TR usBNdugsRan TN dlYE

gl

%
=

dudnwsednd vilenmsindsduddnisneadraiindulaesuuuy
PN~ \ P = Y o ) ¥
o1asviaillagdiunnndmanluiaguanludiuveanulasiadi

o

widniutanlasadefiddyussianviidlugnamvnssunoasng us

% v @ o do o 1 @ & @& o A a 4 o Y a
ﬂ\'iLLllﬂ$LUu'lﬁﬂwaWﬂmLL(ﬂLVﬁﬂuuLUU'JG\Q'VIIIJL?{?IEJi Lmammﬂlﬁuazmm

q o

MsAANsauLaranuse NsAnnseundnazinfumaniufeady ady
Jugluuunilsveansianseuiliiaanufiteersendindunes
windledudatueiniauazainuiiu nsdnwvifeldinguszasd
A5393UN T UdIUNTaduialin1sUSUISIRNISYaNLINBANS
ansasnfiunisnuaulaivszdniam lnevinisiiudeyasin
anduduinaaiuvazlifiaivlulasinisneadradnfedudisiuiu
133 2 ArelnsAnsiafauiiwuunnni 3ntunansuunUSUna
a a o a A a v o PRy a
finwaveed dung @l @91 wazadrawuuTasiiausyiiiu
Usgdnsamaigdanesiuisuiulndian nani1sfnwinudn
o a v v o Aa a =
wuudaesddianugnaesiesay 70 lun1svituneawidady 3
ausaltuuuiiasaiieuszifivadululaseadrandnludesduls

A A o v '
L‘W’EJ‘W?]&’NQLLNUﬂWiUWEQiﬂNWW@I‘U

mddny: ady, nsSeuivennses, taswadaunan uagn1suims

TAsensneasne
Abstract

Nowadays, the logistics industry has a demand for

warehouse floors in each key point in Thailand. Since reaching
and demanding of product from service users is higher in the

electronic commerce business group resulting in this type of

building in causing more warehouse buildings to be built. The
majority of which use steel as the main structural material, it is
one of the most important structural materials in the building
industry even though it is an unstable object. When used,
corrosion and wear occur. The corrosion that usually occurs
with steel is rust. Rust is a form of corrosion caused by the
oxidation of iron when exposed to air and moisture. This study
aims to detect images of rusty parts to enable efficient planning
of building repair management that collecting data from 133
pictures of rusty and non-rusty parts in a warehouse
construction project by smartphones. Then, the pixel counts of
red, green, and blue colors were classified and creating a model
to evaluate the performance with the K-Nearest Neighbors
algorithm. The results showed that the model was more than
70 percent accurate in predicting rusty images. The model can

estimate preliminarily rust in steel structures in order to plan for

maintenance.

Keywords: rust, machine learning, steel structure and

construction management
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